A1 Detailed Description of Data and Sample
The process for creating the sample and linking displaced and non-displaced public housing residents to data on long-run outcomes proceeds using the following four steps.
S1: Creating a Sample of Demolition-Affected Public Housing Buildings:
The data construction process begins with the list of all building address records from the Chicago Housing Authority (CHA) during the 1990s. This building-level information comes from the same file used in previous studies of public housing demolition such as Jacob (2004) and Aliprantis and Hartley (2015) . To define a sample of buildings affected by demolition, I combine the data on all CHA buildings with the list of high-rise public housing buildings from Jacob (2004) . A1 Note that Jacob (2004) determined building closure status (which precedes demolition) by examining trends in occupancy and conducting original qualitative research. A2 Jacob (2004) also designated comparison group buildings that were not closed during this period, and I rely on his designations. Importantly, the comparison group buildings were not selected for demolition during the 1995-2001 period. A3 In addition to restricting attention to the Jacob (2004) sample of buildings, I define the final sample using two additional rules, which do not affect the results of my analysis.
First, as noted in Section III, I exclude 17 buildings from Henry Horner Homes projects because Vale and Graves (2010) suggested that the process of selecting buildings for demolition was different at this site relative to other projects that were subject to public housing demolition. Second, Buildings #2 and #10 from the Ida B. Wells Homes Extension had been included in the original Jacob (2004) sample, but these buildings A1 The set of buildings affected by demolition in Jacob (2004) were closed between 1995 to 1998. A2 I obtained the list of buildings included in Jacob (2004) directly from the author. A3 Authorities in Chicago continued demolition throughout the 2000s. The first demolition to affect one of the comparison group buildings was in 2001, which was six years after the initial demolition studied in this paper. had fewer than 75 units which is a conventional threshold for defining a high-rise public housing building. With the restrictions, the final sample of public housing buildings is a set of 53 buildings located in seven projects. As shown in Table A3 , the results of my analysis are robust to including children who lived in the original Jacob (2004) sample of buildings. for social assistance cases where the household (grantees and the other individuals listed on a case) had an address matched to a demolition affected public housing address in the year prior to building closure.
A7
Note that this process includes identifying individuals living in the set of non-demolished buildings in the year before a building closure for demo-A4 As in Jacob (2004) , I exclude buildings from the Cabrini Green public housing project from the analysis. The justification is that the process for selecting buildings for demolition at the Cabrini-Green Homes was different from other projects. Specifically, the housing authority selected some Cabrini-Green buildings for demolition after a seven-year old child was killed by a shooter positioned an upper floor of one of the project's high-rises. Note that the results in my main analysis are robust to including children from the Cabrini-Green projects.
A5 The record for using social assistance during this time period is referred to as the "target case". For the initial list of grantees, the IDHS data also contains a list of the other members of the grantee's household. These additional household members are identified as the set of non-grantee individuals listed on the grantee's target case.
A6 The IDHS data contain demographic information on gender, race and age. A7 The social assistance case files are panel data at the monthly level, and I rely on this data on addresses over time to focus on households living in public housing prior to building closure due to demolition. lition occurs in their housing project.
A8,A9 This focus on the year before building closure insures the definition for the sample of child households is unrelated to any impact that demolition has on public assistance participation. A10 Note that I obtain similar results when conducting analysis using samples defined by alternative criteria for the year of residence in public housing. As noted in Section III, the final sample contains 2,767 households with 5,250 children that lived in public housing in the year before demolition. Jacob (2004) , I use children residing at Buildings #4 and #6 in the year prior to 1998 as the non-displaced (control) group for Rockwell Gardens.
A9 There is no detectable difference in the occupancy match rate between the demolished and comparison group buildings. A10 Jacob (2004) defines his analysis sample as on children who lived in public housing in the year before building closure as recorded in Chicago Public Schools data.
A11 Note that I have access to IDHS data on social assistance participation from 1989-2010 only for Cook County residents who were on social assistance at some point during the years 1994 to 1997. In other words, I do not have any data on individuals who first received social assistance from IDHS after 1997.
A12 Note that labor market outcomes are measured based on Unemployment Insurance (UI) records, which do not provide information for those who are self-employed, independent contractors, work for the military or federal government, part time workers for schools or select non-profits, or engaged in agricultural employment.
A13 Note that observations for 1994 are included to ensure that individuals who were displaced by public housing demolition in 1995 have at least one year of pre-treatment data.
is linked to the additional administrative data sources using information such as name, date of birth and social security number.
A14
S4: Finalizing the Analysis Sample: The last step in constructing the data for this study is to define the final sample and measures used for my analysis. The main analysis focuses on displaced and non-displaced children who were age 7 to 18 in the year that they relocated due to demolition.
A15 This definition for age insures that the analysis in this paper is comparable to the MTO evaluation conducted by Sanbonmatsu et al. (2011) . Table A14 shows that including younger children in the sample produces similar results to the main analysis. As an example, the figure on page Appendix -5 below considers a demolition that occurs in 1996 showing how the sample of children is defined and when outcomes are measured.
In terms of the measures used for the analysis, the following list provides details on the rules that I use in creating each measure used in this study. I use the pre-treatment observations to test for differences between treatment (displaced) and control (non-displaced) individuals before demolition. A14 To be clear, the IDES and ISP administrative files contain data on outcomes for individuals in the sample regardless of whether they use social assistance in the post-demolition years.
A15 The sample includes children who lived in public housing buildings that were not selected as part of the initial wave of demolition from 1995-1998. For non-displaced buildings, I define children based on their age around the time a public housing building from their project was closed. For example, the housing authority closed two buildings in Rockwell Gardens in 1998. As the comparison group, I focus on children who were age 7-18 in the year prior to these closures and lived in two Rockwell Garden buildings that were not closed. Notes: This figure provides an example of a public housing building closed for demolition in 1996 (denoted by the black dot). To be included in the sample, a child (age 7 to 18) must have been living in a household with a public housing address in IDHS social assistance case records in the year prior to building closure. This sample definition criteria is illustrated by the blue box around the tick-mark for 1995. The figure also shows which years are included to measure the long-run impact of public housing demolition on a child's adultage labor market outcomes. For example, the main analysis of labor market outcomes uses data from the years 2001 to 2009 for a child who was displaced at age 13 in 1995. For a child displaced at age 9 in 1995, the analysis uses data from the years 2005 to 2009. The measures of labor market activity come from unemployment insurance records from the state of Illinois.
(b) To measure criminal activity, I create measures of arrests overall and by broad categories of offenses (violent, property, drug and "other") .
The definitions for each category of crime follow previous studies such as Sanbonmatsu et al. (2011) and Jacob, Kapustin and Ludwig (2015) . Specifically, violent crime includes arrests for assault, murder, rape, robbery, threat of force and kidnapping. Property crime includes arrests for larceny (including motor vehicle theft) and burglary. Drug crime includes arrests for drug possession and drug deals. The category "other" includes all remaining arrests that are not categorized as violent, property or drug arrests.
(c) To measure social program participation, I create measures for use of SNAP, TANF and Medicaid in each year. I count an individual as having used one of these programs if these individuals used these programs in a given year if they used these programs at least once.
Finally, to summarize the data used in this study, the Person-year observations covering the period from 1994 to 2009 for displaced and non-displaced public housing children. Baseline and post-demolition measures come from files #5, #6, and #7.
A2 Detailed Analysis of Differential Attrition
As explained in Section IV, I use the following specification for my analysis of the impact of relocation and demolition:
where i is an individual and t represents years. The indexes b(i) and p(i) are the building and project where individual i lived. The terms δ t and ψ p(i) are year and project fixed effects, respectively. The vector X i is a set control variables that help improve precision by reducing residual variation. The dummy variable D b(i) takes a value of one if an individual was living in a building slated for demolition. Hence, β represents the net impact of relocation due to demolition on children's outcomes.
One identification condition for this analysis is that cov(A i,t , i,t ) = 0 where A is a binary indicator of attrition. While I do not actually observe A, I follow Grogger (2013) and impute A using various administrative sources. Specifically, the measure of attrition that I calculate is straightforward. Permanent attrition at time t implies that an outcome is zero after the point of departure (i.e. Y i,t+j = 0 ∀j ∈ {1, . . . , T − t}, where Y is an administrative data outcome and T denotes the last unit of time in the data). For a single outcome k, I measure attrition by creating the following binary indicator:
Administrative data for the K-many outcomes available across administrative A16 As an example, consider how the measure a sources can be pooled and attrition can measured as:
In what follows, I use the following compact notation: Table A1 shows the distribution of terminal runs of zeros by the year in which the run begins. The first three pairs of columns report statistics based on terminal runs for three different outcomes: (1) employment, (2) foodstamp receipt and (3) TANF or Medicaid receipt. The first column in each pair reports the probability that a terminal run is observed in a given post displacement year for the sample of non-displaced youth. For example, the first entry of the first column shows that 20.8 percent of non-displaced youth began a terminal run of employment zeros in the first year after displacement. By the definition of terminal run, this sequence was 14 years-long in the first year after displacement. In the second year after displacement, the probability of observing a terminal run of zeros was 21.5 percent. Note that in the second year post displacement, the definition of a terminal run is a 13 year-long sequence. Because the length of the terminal sequence of zeros shrinks in each row, the probability of observing a terminal run of zeros grows over the sample period. Based on the employment data alone, the imputed attrition is 63.1 percent in the final post-displacement year of the sample. Imputed attrition is slightly lower based on data for assistance outcomes as shown in Columns (3) and (5) of Table A1 .
Attrition as measured by pooling these administrative sources is reported in Column (7). Combining the three data series dramatically affects the distribution of terminal runs of zeros. Based on the three outcomes, less than 2 percent of the sample begins a terminal run of zeros in the first year after displacement. This contrasts with the 20.8 for employment in isolation. Moreover, attrition based on all three measures is only 30.3 percent in the final year of the sample, which is less than half of the imputed attrition as measured using the employment data alone. This dramatic affect on the distribution is primarily due to the negative correlation among the outcomes under consideration.
The main concern in this analysis is whether demolition appears to be correlated with imputed attrition. For each pair of columns that pertain to a particular outcome in Table A1 , the second column of the pair reports the regression computed difference in the probability of attrition for displaced (treated) and non-displaced (control) adolescents who were age 7 to 18 in the year before a building was closed for demolition in their project. Specifically, I use Equation 1 where the outcome is imputed attrition a k i,t . There is no strong evidence of differential attrition by treatment status for any of the single outcomes in isolation. Across the three outcomes in 14 post-displacement years, the difference between the treated and control probability of attrition is statistically significant in just two of the 42 possibilities (5 percent). More importantly, Column (8) shows that there is no detectable difference in the probability of observing a terminal run of zeros in any post displacement year after pooling all three outcomes.
A3 Program Rules for Housing Vouchers

A3.1 Voucher Eligibility
Unlike other major social programs, housing vouchers are not an entitlement, and there are long waiting lists to receive housing assistance in many large cities. Housing voucher program eligibility is based on the local median household income. For example, a family of four is eligible for assistance if they fall under 50 percent of the local median income for all families in an area (although some families with incomes up to 80 percent of the local median income may be eligible depending on their location) (Olsen, 2003) . Note that, unlike other means-tested programs, there are no asset tests for eligibility for housing vouchers. The eligibility limits for families of different sizes are equal to the following percentages of the four-person limit: 
A3.2 The Value of the Subsidy
There are two main components for determining the value of a housing voucher. First, the value of a voucher depends on the local Fair Market Rent (FMR) which is set by the U.S. Department of Housing and Urban Development (HUD). In 1995, the FMR was equal to the 40 th percentile of the local rent distribution for a unit of a given size. For example, the FMR for a twobedroom apartment in Chicago was equal to $699 (nominal dollars) in 1995. Starting in 2001, the FMR was raised to the 50th percentile in some specific metropolitan areas, including Cook County, Illinois (in which Chicago resides). Second, the value of the voucher depends on household income. Specifically, a fraction of the income -30 percent -must be paid toward rent. Hence, the Appendix -11 value of a housing voucher is given by: Note that families offered housing vouchers usually have a limited time to lease a private market unit. The time limit is usually 3 to 6 months after initial receipt of the offer. In addition to the time limit, families must also obtain a private-market housing unit that meets HUD's minimum quality standards. As noted in previous work studying vouchers, landlords may prefer non-voucher tenants because of these quality standards or other paperwork associated with the voucher program. Finally, also note that once an individual qualifies for a housing voucher, they are not removed from the program if their income exceeds the eligibility limit. Of course, the value of the subsidy diminishes as income rises because a fraction of household income (generally 30 percent) must be paid toward rent.
A4 Determining Dates of Building Closure Due to Demolition
The date of closure for demolished (treated) buildings used in this paper is taken from Jacob (2004) . As explained in the appendix of his paper, Jacob determines the date of building closure by examining trends in administrative data on building-level occupancy rates. Specifically, the year of closure can be determined by sharp declines in building occupancy. As an example, the figure below on page Appendix -14 shows how the year of closure is determined from occupancy data. Occupancy at building #85 (the blue line) of the Washington Park project drops notably in early 1996 and later falls to zero starting in 1997. Because CHA policy requires tenants to be notified at least 120 days prior to building closure, the pattern in the occupancy data implies that residents of building #85 knew the building would close in late 1995. The figure also shows occupancy at a comparison (control) building. We see that occupancy in building #35 (the red line) is relatively stable after 1995 which is the year of the first closures due to demolition at Washington Park. In addition to using administrative data on occupancy, Jacob (2004) Notes: The figure displays monthly occupancy at two buildings at the Washington Park project in Chicago. Occupancy data is from administrative records from the Chicago Housing Authority (CHA).
A5 List of Demolished and Comparison Group Buildings
The tables below (see pages Appendix -15 and Appendix -16) list the demolition (treated) and comparison group buildings used in this paper. The date of building closure for the treated buildings is taken from Jacob (2004) . After the initial wave of public housing demolitions (1995) (1996) (1997) (1998) Notes: Panels show impacts on neighborhood characteristics over time. The unit of analysis is a household with at least one child (age 7 to 18 at baseline). Neighborhood characteristics are from Census data. Location is measured using address data from IDHS social assistance files. The x-axis measures the number of years since relocation due to demolition. Each point in a panel is an estimate of the difference between displaced and non-displaced households in a given period. Differences are estimated using Equation 1. Robust standard errors are clustered at the public housing building level. Notes: Panels show impacts on outcomes related to household location over time. The unit of analysis is a household with at least one child (age 7 to 18 at baseline). Location is measured using address data from IDHS social assistance files. The x-axis measures the number of years since relocation due to demolition. Each point in a panel is an estimate of the difference between displaced and non-displaced households in a given period. Differences are estimated using Equation 1. Robust standard errors are clustered at the public housing building level. 
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Appendix -18
Figure A3: Quantile Treatment Effects for Adult Earnings of Children
Notes: This figure plots estimates of the quantile treatment effect on adult earnings outcomes for children (age 7 to 18 at baseline) affected by public housing demolition. These estimates measure the treatment effect for particular percentiles of the distribution of earnings. In other words, the quantile treatment effect estimate for the 60 th percentile measures the difference between the 60 th percentile of the treated (displaced) and control (non-displaced) earnings distributions. The bars surrounding each point estimate are the 95-percent confidence interval. Note that the lower bound of the x-axis on the figure is restricted to the 60 th percentile because a large fraction of earnings are equal to zero. Notes: This table presents tests for differential attrition based on the administrative data for children (age 7 to 18 at baseline). Specifically, I follow Grogger (2013) and construct a measure of attrition based on terminal runs of zeros for a given outcome (e.g. employment) in a panel of observations for a child in the sample. For each outcome, columns (1), (3) and (5) report the probability of observing a terminal run of zeros that begins in a given post demolition year for non-displaced children. For example, the first entry of the first column shows that 20.8 percent of the non-displaced sample of youth began a terminal run of employment zeros in the first year after demolition. Note that for the first entry the definition of a terminal run is a 14 year period. Columns (2), (4) and (6) test whether displaced and non-displaced youth have detectably different rates of attrition. Specifically, these columns report the difference in attrition computed by regressing an indicator for attrition on a dummy for treated (displaced) status and a set of project fixed effects. See Appendix Section A2 for further details. Columns (7) and (8) examine attrition by pooling data sources.
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Appendix -20 Notes: Children are age 7 to 18 at baseline. The regression estimates are from a spillover specification as specified as follows:
where N b(i) is an indicator that a public housing building borders (is adjacent to) a demolition-targeted building. The omitted group in the regression is the set of children living in stable buildings located in the "far" buildings that were not adjacent to demolished buildings. The control mean statistics -Columns (1) and (4) -refer to the averages for non-displaced individuals living in the group of far buildings. Standard errors are presented below each regression estimate and are clustered at the public housing building level. Note that statistical significance is denoted by: * p < 0.10, * * p < 0.05 and * * * p < 0.01. 1 Notes: This table analyzes adult labor market outcomes for displaced (treated) and non-displaced (control) children (age 7 to 18 at baseline). The control mean statistic refers to averages for non-displaced individuals. The mean difference between displaced and non-displaced children reported in Columns (2), (4), (6) and (8) is computed using different samples of children included in the analysis. This difference is computed from a regression model where a labor market outcome (each row) is the dependent variable for individual i in year t. The independent variables in the regression include an indicator for treatment (displaced) status and a set of project fixed effects. See Equation 1 of the text for more details. The indicator variable for "Employed Full Time" is based on whether an individual makes more than $14,000 in annual earnings -this is the equivalent of 35 hours a week at $8 per hour for 50 weeks. Robust standard errors are clustered at the public housing building level. Note that statistical significance is denoted by: Notes: This table presents descriptive statistics and quantile regression results using adult annual earnings data for displaced and non-displaced children (age 7 to 18 at baseline) from public housing projects. Robust standard errors are clustered at the public housing building level. Note that statistical significance is denoted by: * p < 0.10, * * p < 0.05 and * * * p < 0.01. Notes: This table presents descriptive statistics and quantile regression results using adult annual earnings data for displaced and non-displaced children (age 7 to 18 at baseline) from public housing projects. Robust standard errors are clustered at the public housing building level. Note that statistical significance is denoted by: * p < 0.10, * * p < 0.05 and * * * p < 0.01. Notes: Subgroups are based on baseline (the year prior to relocation due to demolition) characteristics. The control mean statistics in Column (2) refer to averages for non-displaced individuals. The specification includes indicators for treatment interacted with subgroup membership indicators and project fixed effects. Results by baseline neighborhood poverty rate are based on dividing the sample into a group of children residing in "higher poverty projects" where the poverty rate was 87 percent and a group of children residing in "lower poverty projects" where the poverty rate was 66 percent. Robust standard errors are clustered at the public housing building level. Statistical significance is denoted by: * p < 0.10, * * p < 0.05 and * * * p < 0.01. Notes: All neighborhood characteristics are measured three years after demolition and relocation. The control mean statistic in Columns (1) and (3) refer to averages for non-displaced households. The mean difference between displaced and non-displaced households are reported in Columns (2) and (4) as computed from a regression specified in Equation 1. Robust standard errors are clustered at the public housing building level. Statistical significance is denoted by: * p < 0.10, * * p < 0.05 and * * * p < 0.01. 1 Notes: This table analyzes adult public assistance utilization for displaced and non-displaced children (age 7 to 18 at baseline). The control mean statistics -Columns (1), (3) and (5) -refer to averages for non-displaced individuals. The mean difference between displaced and non-displaced children is reported in Column (2). This difference is computed from a regression model where an assistance outcome (each row) is the dependent variable for individual i in year t. The independent variables in the regression include an indicator for displaced (treated) status and a set of project fixed effects. See Equation 1 of the text for more details. Robust standard errors are clustered at the public housing building level. Note that statistical significance is denoted by: * p < 0.10, * * p < 0.05 and * * * p < 0.01. Notes: This table analyzes labor market outcomes for displaced and non-displaced parents defined as adults (age > 18 at baseline) living in households with children affected by demolition. The control mean statistic -Column (1) -refers to averages for non-displaced individuals. The mean difference between displaced and non-displaced households is reported in Column (2). This difference is computed from a regression model where a labor market outcome (each row) is the dependent variable for individual i in year t. The independent variables in the regression include an indicator for treatment (displaced) status and a set of project fixed effects. See Equation 1 of the text for more details. The indicator variable for "Employed Full Time" is based on whether an individual makes more than $14,000 in annual earnings -this is the equivalent of 35 hours a week at $8 per hour for 50 weeks. Robust standard errors are clustered at the public housing building level. Note that statistical significance is denoted by: * p < 0.10, * * p < 0.05 and * * * p < 0.01. Notes: This table analyzes criminal activity for children (age 7 to 18 at baseline). Note the sample is restricted to post-demolitions observations where children are between ages 13 to 18 (adolescent ages). This implies that the very oldest children (by baseline age) are excluded from this analysis. The control mean statistic in Column (1) refers to averages for non-displaced children. The mean difference between displaced and non-displaced children is reported in Column (2). This difference is computed from a regression model where an outcome (each row) is the dependent variable for individual i in year t. Note that the panel for each individual is restricted to the years after demolition. The independent variables in the regression include an indicator for treatment (displaced) status and a set of project fixed effects. Robust standard errors are clustered by at the public housing building level. Statistical significance is denoted by: * p < 0.10, * * p < 0.05 and * * * p < 0.01. (3) and (4) are per-comparison (pairwise) and false discovery rate (FDR) adjusted p-values for four main outcomes considered in the analysis of children (age 7 to 18 at baseline) forced to relocate due to building demolition. The FDR-adjusted p-values control for the number of false positives when multiple hypotheses are tested. These adjusted p-values are calculated using the two-step procedure from Benjamini, Krieger and Yekutieli (2006) . Columns (1) and (2) repeat the results from Tables 3, A10 and 5 for convenience. 1 Notes: This table analyzes adult labor market outcomes for displaced and non-displaced children using different definitions for the sample. Panel (a) uses children age 5 to 18 at baseline while Panel (b) uses children age 6 to 18 at baseline. The control mean statisticColumn (1) -refers to averages for non-displaced individuals. The mean difference between displaced and non-displaced children is reported in Column (2). See Equation 1 of the text details on the specification. The indicator variable for "Employed Full Time" is based on whether an individual makes more than $14,000 in annual earnings -this is the equivalent of 35 hours a week at $8 per hour for 50 weeks. Robust standard errors are clustered at the public housing building level. Note that statistical significance is denoted by: * p < 0.10,
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